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Introduction

* Mixup approaches have been widely applied to
Improve the generalization ability of DNNSs. | o |
» Recently, offline mixup has been gradually repl- TS s e e S
aced by automatic mixup, e.g. AutoMix. ‘ ' . i
» AutoMix aims to obtain, instead of diverse mixed

Experiments

R * Image classification experiments compared with oth-
€ el er mixup approaches on generic datasets (Tab 1) and
fine-grained (Tab 2) datasets.

Table 1. Top-1 accuracy (%)1 of mixup approaches on CIFAR-100, Tiny-ImageNet
and ImageNet-1K with CNN architecture and Transformer architecture.
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